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ABSTRACT: This study demonstrates a way for employing artificial intelligence to recognize misleading remarks
made by public individuals. An array of assertions from a data source were tested against a software system that
implemented multiple methodologies. The best result is an 86% on a true/false categorization question. There are
numerous methods outlined in the article that could improve the outcomes. Because to improvements in contemporary
technological technologies, information is now more accessible than ever. We typically We can quickly and easily
discover the answers to the questions we're looking for. It's mobile device accessibility makes it much more useful for
users. This component changed how individuals get their news.

KEYWORDS: SVM, Naive Baye and Logistic Regression.
I. INTRODUCTION

The problem of false information and fake news has grown in recent years. much more prevalent in our culture. The
public's view and policy decisions are regularly affected by inaccurate or misleading prominent figures, including
politicians and celebrities, make public pronouncements. the application of artificial intelligence to assess the veracity
of claims made by prominent figures is becoming more and more popular as the technology spreads. Artificial
intelligence can analyze enormous volumes of data and identify trends, including linguistic variances that can be a sign
of dishonesty or lying. By using a corpus of verified true and false claims to train machine learning algorithms,
Artificial intelligence (AI) systems can be trained to spot the telltale indicators of false or deceptive claims and to
calculate the likelihood that a new claim is true. This method's speed and scalability make it one of the most alluring
options for evaluating the veracity of assertions made by well-known individuals. It would be challenging for humans
to manually check every claim given the volume of claims made by public figures every day. Al may be able to
evaluate enormous volumes of data in real time and then quickly and accurately provide feedback on the accuracy of
public remarks. However, there are several restrictions on using Al in this situation. Because natural language is
complex and context-dependent, Al systems may have problems understanding the nuances of language and intent. In
addition, there's a potential that the algorithms or training data will be skewed, which could lead to inaccurate or unfair
assessments of the statements made by well-known people. Notwithstanding these limitations, there is a lot of potential
for increasing accountability and openness in public discourse by utilizing Al to evaluate the truthfulness of assertions
made by public figures. In the years to come, as machine learning and natural language processing continue to progress,
we should expect to see increasingly sophisticated and effective techniques for recognizing fake information.Readers
may get news quickly because every major news organization has a website, Facebook page, Twitter account, etc.
Because to developments in contemporary digital technologies, we currently live in a period where information is more
easily accessible than ever. We can find the answers to the questions we're looking for in a couple of seconds. It's
mobile device accessibility makes it much more useful for users. This factor had a big impact on how people got their
news information.

II. LITERATURE SURVEY
[1] a fake news detection using naive bayes classifier authors: m. granit, v. messieurs :This paper presents a simple
naive Bayes classifier-based approach for identifying bogus news. This tactic was implemented as a software system

and assessed using a set of data from Facebook news posts. Our classification accuracy on the test set was roughly
74%, which is a reasonable performance given the model's relative simplicity. There are many strategies described in
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the article that could improve this result. The findings show that the problem of identifying bogus news can be resolved
using artificial intelligence approaches.

[2] PolitiFact’s methodology for independent fact-checking: the principles of the truth-o-meter authors: Angie
drobnicholan :Journalism fact-checking is at the heart of PolitiFact’s. Nubia’s, transparency, fairness, in-depth
reporting, and clear writing are our core beliefs. We write to provide readers with the information they need to govern
themselves in a democracy. Since our establishment in 2007, we have dealt with a great deal of questions regarding our
approach, how we choose the facts to verify, how we keep our neutrality, and other topics. These and many other
questions are addressed in this essay. In 2007, PolitiFact’s was introduced as an election-year experiment by the Tampa
Bay Times (then known as the St. Petersburg Times), Florida's largest daily newspaper. Examining particular
statements made by politicians and determining their validity has always been a top priority for PolitiFact’s.

[3] a statistical interpretation of term specificity and its application in retrieval authors: spark jones, k:The accuracy of
index terms and the depth of document descriptions are typically considered to be two distinct issues. It is advised to
take specificity into account statistically, with word choice taking precedence over term meaning. Studies with three
test collections show that frequent terms are particularly crucial for high overall performance. The impact of term
specificity variations on retrieval is examined. It has been argued that words should also be weighted, with matches on
less frequent, more specific phrases being rated more highly than matches on frequent keywords.

[4] artificial neural networks as models of neural information processing authors: marcel van germen, and sander
Both:Recent advances in artificial intelligence have enabled artificial neural networks (ANNs) to learn to tackle
complicated problems in an acceptable amount of time (AI). ANNs are theoretical instruments that aid computational
neuroscientists in comprehending how the brain interprets information (van Germen). These networks can be rate-based
artificial intelligence models or more physiologically accurate models that use spiking neurons (Brette, 2015). This
special issue's goal is to examine the use of ANNs in the context of computational neuroscience from a variety of
perspectives. The biological plausibility of neural networks is a crucial topic for research.

The news reports we receive aren't always accurate. Ironically, Due to the abundance of sources available on the
Internet, it is more challenging to confirm the facts., many of which are at odds with one another. Fake news started to
appear as a result of everything. Social media and mass media both significantly affect the people. Several parties are
interested in using this to advance their political objectives through the use of false information. To deceive people in
various ways, they present misleading information as news. Several websites exist solely for the goal of disseminating
misleading information. In place of actual news reports, they disseminate misinformation, hoaxes, and conspiracy
theories.

DISADVANTAGES OF EXISTING SYSTEM:

* Fake news websites' primary goal is to sway public opinion on specific issues (mostly political). Ukraine, the Due to
the abundance of sources available on the Internet, it is more challenging to confirm the facts crucial challenge that
affects the entire world.

* The emergence of deep learning and other artificial intelligence approaches has demonstrated to us that they are
incredibly efficient at tackling challenging categorization problems, sometimes even those that are not formally
defined.

III. PROPOSED SYSTEM

Originally, On the basis of the statements themselves, it was determined to classify claims. This demonstrates that there
is no sensitive information in any of the submitted metadata. As a result of considering this metadata, the categorization
system may eventually be improved. removing all numbers from the statements and making unique tokens from them.
eliminating any punctuation.

After removing all more non-alpha characters, continue stemming the remaining tokens. In language For the purposes
of morphology and information retrieval, stemming (also known as lemmatization) is the act of reducing inflected or
derived words to their word stem, base, or root form—typically a written word form. For categorization purposes (like,
for example), treating related phrases identically might be highly advantageous ("write" and "writing") as one and the
same.
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For classification tasks, A probabilistic machine learning model called Naive Bayes classifier is utilized. The Bayes
theorem serves as the classifier's theoretical foundation.

Since B has previously happened, the Bayes theorem may be used to calculate the odds that A will also occur. will also
occur. Thus, A is the theory, and B is the evidence that supports it. The predictors and characteristics are thought to be
independent in this situation. Which is , the presence of one feature does not change the behavior of another. The term
"naive" is a result.

Let's use an illustration to comprehend it. I've included a training set of weather data and its matching goal variable,
"Play," below (suggesting possibilities of playing). We must now categorize whether participants will participate in

games based on the weather. Let's carry it out by following the steps below.

Step 1: Create a frequency table from the data set as the first step.
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Step 2: Find the probabilities, such as Create a Likelihood table using the values Overcast probability = 0.29 and

Weather |Play
Sunny  [No Frequency Table Likelihood table
Weather No | Yes Weather No Yes
Overcast 4| 2| 0
Rainy 3 R

Overcast |Ye:

Rainy  |Yes Overcast
Sunny _ |Yes Rainy 3
Sunny  |Yes Sunny 1 Sunny 1 3 =5/ | 036
Overcast |Ye: GrandTotal | 3 All 5 9

Rainy  |No =S4 | =9/1e
Rainy  |No 036 | 064
Sunny  |Yes
Rainy  |Yes
Sunny  |No
Overcast |Ye:
Overcast |Ye:

w oo [ro | =

Rainy  |No

Playing probability = 0.64.

Step 3: Use the Naive Bayesian equation to calculate the posterior probability for each class. The class with the highest
posterior probability is the outcome of the prediction.

Problem: In bright conditions, players will still show up. Does this claim hold true?

* By applying the posterior probability approach previously mentioned, we can resolve it.

*  P(Yes| Sunny) is equal to P(Yes | Sunny) * P(Yes) / P (Sunny)

*  Here itis P (Sunny |Yes) = 3/9 =0, P (Sunny) = 5/14 = 0, and P (Yes) = 9/14 = 0.64.

*  The chance is now P (Yes | Sunny) = 0.33 * 0.64 / 0.36 = 0.60, which is greater.

* A similar approach is used by Naive Bayes to forecast the likelihood of various classes based on various
characteristics. When there are issues with several classes, this approach is mostly employed in text
classification.

The test data set class can be predicted quickly and easily. Moreover, it excels in multi-class prediction.

* A Naive Bayes classifier performs better when the assumption of independence is true than other models,
such as logistic regression, and requires less training data.

e Compared to a numerical variable, it performs better with categorical input variables (s). It is assumed that
numerical variables have a normal distribution (bell curve, which is a strong assumption).

LOGISTIC REGRESSION

Early in the 20th century, the biological sciences began to employ logistic regression. Thereafter, it was put to many
different social science uses. Logistic regression is used when the dependent variable (target) is categorical.

For instance,determining what constitutes spam in emails (0)

malignant nature of the tumor (0)

Consider the case where we need to determine if a message is spam or not.In order to do classification if we utilize
linear regression to solve this issue, a threshold has to be established. The data point will be labeled as non-malignant if
the actual class is malignant, the projected continuous value is 0.4, and the threshold value is 0.5. This classification
might have substantial implications in real time.

From this illustration, it can be concluded that classification problems do not lend themselves to regression along a line.
The limitless character of linear regression gives rise to logistic regression. They only range in value from O to 1.

Examples of logistic regression in use,

as well as its intended use, are challenges involving binary classification, or two classes of variables, such as forecasts
like"this or that," "yes or no," and "A or B," One of the most popular machine learning methods is logistic regression.
By estimating event probabilities using logistic regression, it is possible to establish a link between certain
characteristics and certain outcome probabilities.

Predicting whether A response variable with the two potential values "pass" and "fail" is one example of how this is
used to determine whether a student will pass or fail an exam based on the feature of the number of study hours.

Using the insights from the results of the logistic regression, businesses may enhance their business strategies to
achieve their goals. such as decreasing costs or losses and boosting ROI in marketing efforts, as examples.

An online retailer that distributes pricey promotional offers to consumers would want to determine whether or not a
certain client would take advantage of the offers. They can inquire as to whether the customer will "reply" or "not
respond,” for instance. Propensity to respond modeling is the term used for this in marketing.
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Similar to how a bank would create a model to determine whether to grant a consumer a credit card or not, a credit card
firm will attempt to forecast if a customer will fail Depending on factors such as yearly income, the size of the monthly
payment, and the default rate, on the credit card. Default propensity modeling is the term used in finance for this
concept.

Uses of logistic regression:

Online advertising has benefited greatly from the growing popularity of logistic regression since it allows advertisers to
forecast the likelihood, expressed as a percentage, of individual website visitors clicking on particular adverts.

Logistic regression can also be used in:

* Medical care to detect illness risk factors and devise preventative strategies.

* Apps for weather forecasting that can forecast weather and snowfall.

* Voting applications that predict if voters will support a certain contender.

insurance that calculates the likelihood that a person would pass away before the policy's term has expired based on
their gender, age, and physical examination.

Using yearly income, prior defaults, and historical debts, banking can forecast whether a loan application would default
or not.

Logistic regression vs. linear regression:

The main distinction between logistic regression and linear regression is that the output of the former is constant, while
the latter is not continuous.

In logistic regression, there are only a finite number of potential values for the result, a dependent variable, for instance.
Yet, since the outcome of a linear regression is continuous, it is possible for it to , where n is an unlimited number of
possible values.

When the answer variable is binary, also including either true or incorrect, yes or maybe no, or pass or fail, logistic
regression is employed. When a continuous variable, such as the number of hours worked, a person's height, or their
weight is provided, linear regression is utilized.

For instance, based on data on how much time a learner spending studying, the outcomes of logistic and linear
regression, and more, different outcomes might be predicted the results of their exams.

Predictions using logistic regression are limited to certain values or categories. Logistic regression can therefore
forecast whether a pupil will succeed or fail. As linear regression makes predictions that are continuous, like numbers
in a range, it is possible to estimate the student's test result on a scale from 0 to 100.

SUPPORT VECTOR MACHINES:

The support vector machine approach looks for a hyper plane in an N-dimensional space (N is the number of
characteristics) that categorizes the data points unambiguously.

X, O Xy O
O O

3

X ’ X |

Possible hyper planes :Any number of Hyper planes may be used to split the two sorts of data points. Finding the
plane with the biggest margin, or distance between data points, is our goal from the two classes. The confidence with
which subsequent data points may be classified increases when the margin distance is increased since it adds some
support.
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HYPER PLANES AND SUPPORT VECTORS

Hyper planes in 2D and 3D feature space

Decision boundaries known as hyper planes aid in classifying the data elements. There are several categories that may
be applied to data points that are situated on either side of the hyperplane. Moreover, the quantity of features affects
how big the hyperplane is. The hyper plane can only be a line if the input characteristics are only two. The hyper plane
collapses into a two-dimensional plane whenever there are three input characteristics. When there are more than three
characteristics, it gets more challenging to imagine.

Support Vectors

Support vectors, which are closer to the hyper plane, are data items that have an impact on the hyper plane's position
and direction. We utilize these support vectors to raise the classifier's margin. In the event that the support vectors are
removed, the hyper plane's position will change. These are the principles that guide how we construct our SVM.

Large Margin Intuition

In logistic regression, the output of the linear function is compressed inside the range [0,1] by using the sigmoid
function. We assign the squished value a label of 1 if it exceeds a certain threshold (0.5), else we assign it a label of 0.
The output of the linear function is taken into consideration by SVM. If the output value is larger than 1, it is attached
to one class, and if it is less than 1, to another class. We achieve this margin with a reinforcing range of values when the
SVM threshold values are set to 1 and -1. ([-1, 1]).

Cost Function and Gradient Updates

We want to leave greater space between the data points and the hyper plane while using the SVM algorithm. The
margin is helped to increase by the hinge loss loss function.

If the projected There is no cost because value and real value have the same sign. If not, we proceed to calculate the
loss amount. Cost-based function additionally receives a regularization parameter from us. The regularization
parameter's goal is to strike a compromise between losing and maximizing the margin. After the regularization
parameter has been applied, the cost functions are as follows.

Loss function for SVM
We can obtain the gradients by taking partial derivatives with respect to the weights given that we are aware of the loss
function. Using the gradients, we can change our weights.

o et ux\F N epee
We only need to update the gradient from the regularization ?(I =FERy) = {0' R W) S
parameter when there is no misclassification, which is to say o when
our model predicts the class of our data point accurately. T‘f I lly = 3yme

w=w—a-(22\w)
No misclassification since the gradient update

We add the loss together with the regularization parameter to execute gradient update when there is a misclassification,
or when our model incorrectly predicts the class of a data point.

w=w+a- (Y x; — 2 \w)
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IV. RESULTS

User register page

User Register Form

User Login page

User Login Form

Give Public Statements

Welcome Alexhales..!

The Result for user Side

Welcome Alexhales.!
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Admin View Results With Algorithm Comparison

Acmin Home Pags

Admin Login Form

V. CONCLUSION

Interestingly, several categorization algorithms for public figure utterances were used in this study. In terms of
classification accuracy using both binary classification and six categories, deep neural networks performed the best.
This stimulates further deep neural network-heavy research in the future. The outcomes attained could be greatly
enhanced. It is possible to improve the training data as well as the machine learning models themselves. This may be a
topic for later investigation. To assess if news stories are accurate or fake, this technique may be used in conjunction
with text summarization (a issue that may also be tackled by artificial intelligence). Further study may potentially be
conducted on this topic.
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