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ABSTRACT: At present, duplicate detection methods need to process ever larger datasets in ever shorter time, 
maintaining the quality of a dataset becomes increasingly difficult. This project presents two novel, progressive 
duplicate detection algorithms that significantly increase the efficiency of finding duplicates if the execution time is 
limited. They maximize the gain of the overall process within the time available by reporting most results much earlier 
than traditional approaches Comprehensive experiments show that progressive algorithms can double the efficiency 
over time of traditional duplicate detection and significantly improve upon related work. Data are among the most 
important assets of a company. But due to data changes and sloppy data entry, errors such as duplicate entries might 
occur, making data cleansing and in particular duplicate detection indispensable. As independent persons change the 
product portfolio, duplicates arise. Although there is an obvious need for de duplication, online shops without 
downtime cannot afford traditional de duplication. Progressive duplicate detection identifies most duplicate pairs early 
in the detection process. Instead of reducing the overall time needed to finish the entire process, progressive approaches 
try to reduce the average time after which a duplicate is found. Early terminations, in particular, then yields more 
complete results on a progressive algorithm than on any traditional approach. 
 

I. INTRODUCTION 
 
Data mining or knowledge discovery, is the computer-assisted process of digging through and analyzing enormous sets 
of data and then extracting the meaning of the data. Data mining tools predict behaviors and future trends, allowing 
businesses to make proactive, knowledge-driven decisions. Data mining tools can answer business questions that 
traditionally were too time consuming to resolve. They scour databases for hidden patterns, finding predictive 
information that experts may miss because it lies outside their expectations. Data mining derives its name from the 
similarities between searching for valuable information in a large database and mining a mountain for a vein of 
valuable ore. Both processes require either sifting through  an  immense  amount  of  material,  or  intelligently probing  
it  to  find  where  the  value  resides. Although data mining is still in its infancy, companies in a wide range of 
industries - including retail, finance, healthcare, manufacturing transportation, and  aerospace  are already using data 
mining tools and techniques to take advantage of historical data. By using pattern recognition technologies and 
statistical and mathematical techniques to sift through  warehoused information. Data mining helps analysts recognize 
significant facts, relationships, trends, patterns, exceptions and anomalies that might otherwise go unnoticed. For 
businesses, data mining is used to discover patterns and relationships in the data in order to help make better business 
decisions. Data mining can help spot sales trends, develop smarter marketing campaigns, and accurately predict 
customer loyalty. Data mining technology can generate new business opportunities by: 
 
Automated Prediction Of Trends And Behaviors: 
 

Data mining automates the process of finding predictive information in a large database. Questions that 
traditionally required extensive hands-on analysis can now be directly answered from the data. A typical example of a 
predictive problem is targeted marketing. Data mining uses data on past promotional mailings to identify the targets 
most likely to maximize return on investment in future mailings. Other predictive problems include forecasting 
bankruptcy and other forms of default, and identifying segments of a population likely to respond similarly to given 
events. 
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Automated Discovery of Previously Unknown Patterns: 
 

Data mining tools sweep through databases and identify previously hidden patterns. An example of pattern 
discovery is the analysis of retail sales data to identify seemingly unrelated products that are often purchased together. 
Other pattern discovery problems include detecting fraudulent credit card transactions and identifying anomalous data 
that could represent data entry keying errors. While large-scale information technology has been evolving separate 
transaction and analytical systems, data mining provides the link between the two. Data mining software analyzes 
relationships and patterns in stored transaction data based on open-ended user queries. Several types of analytical 
software are available: statistical, machine learning, and neural networks. Generally, any of four types of relationships 
are sought: 
 
Classes: Stored data is used to locate data in predetermined groups. 
Clusters: Data items are grouped according to logical relationships or consumer preferences. 
Associations: Data can be mined to identify associations. 
Sequential patterns: Data is mined to anticipate behavior patterns and trends. 
 

II. LITERATURE SURVEY 
 
L. Kolb, A. Thor, Cloud infrastructures enable the efficient parallel execution of data-intensive tasks such as entity 
resolution on large datasets. We investigate challenges and possible solutions of using the MapReduce programming 
model for parallel entity resolution. In particular, we propose and evaluate two MapReduce-based implementations for 
Sorted Neighborhood blocking that either use multiple MapReduce jobs or apply a tailored data replication. 
P. Christen et al, Record linkage is the process of matching records from several databases that refer to the same 
entities. When applied on a single database, this process is known as deduplication. Increasingly, matched data are 
becoming important in many application areas, because they can contain information that is not available otherwise, or 
that is too costly to acquire. Removing duplicate records in a single database is a crucial step in the data cleaning 
process, because duplicates can severely influence the outcomes of any subsequent data processing or data mining. 
With the increasing size of today's databases, the complexity of the matching process becomes one of the major 
challenges for record linkage and deduplication. In recent years, various indexing techniques have been developed for 
record linkage and deduplication. They are aimed at reducing the number of record pairs to be compared in the 
matching process by removing obvious nonmatching pairs, while at the same time maintaining high matching quality. 
This paper presents a survey of 12 variations of 6 indexing techniques. Their complexity is analyzed, and their 
performance and scalability is evaluated within an experimental framework using both synthetic and real data sets. No 
such detailed survey has so far been published. 
 
U. Draisbach and F. Naumann, Duplicate detection is the process of finding multiple records in a dataset that 
represents the same real-world entity. Due to the enormous costs of an exhaustive comparison, typical algorithms select 
only promising record pairs for comparison. Two competing approaches are blocking and windowing. Blocking 
methods partition records into disjoint subsets, while windowing methods, in particular the Sorted Neighborhood 
Method, slide a window over the sorted records and compare records only within the window. We present a new 
algorithm called Sorted Blocks in several variants, which generalizes both approaches. To evaluate Sorted Blocks, we 
have conducted extensive experiments with different datasets. These show that our new algorithm needs fewer 
comparisons to find the same number of duplicates. 
 

III. PROPOSED SYSTEM 
 
The proposed system uses two progressive duplicate detection algorithms which are PSNM and PB. PSNM – 
Progressive Sorted Neighborhood Method. PB – Progressive Blocking. Each exposes different performances. This 
approach is suitable for a multiple pass method and an algorithm for incremental transitive closure is adapted. 
 
ADVANTAGES 
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      The proposed system has following advantages. 
 
 Concurrent approach is used. i.e., all the records are taken and checked as a parallel processes. 

 
 Execution time is reduced. 

 
 Resource consumption is same as existing system but the data is kept in multiple resource memories. 

 
System Architecture  

 
 
 

IV. MODULE DESCRIPTION 
 
A. Dataset Collection 
 
To collect and/or retrieve information concerning activities, results, context and alternative factors. It's vital to 
contemplate the sort of data it need to assemble from your participants and therefore the ways in which you may 
analyze that information. The information set corresponds to the contents of one info table, or one applied math 
information matrix, wherever each column of the table represents a specific variable. When aggregation the 
information to store the info. 
 
B. Preprocessing Method 
 
Data Preprocessing or information improvement, information is cleaned through processes like filling in missing 
values, smoothing the wheezy information, or resolving the inconsistencies within the information. And additionally 
accustomed removing the unwanted information. Ordinarily used as a preliminary data processing follow, information 
preprocessing transforms the information into a format which will be a lot of simply and effectively processed for the 
aim of the user. 
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C. Data Separation 
 
After finishing the preprocessing, the information separation to be performed. The block algorithms assign every record 
to a set cluster of comparable records (the blocks) and so compare all pairs of records inside these groups. Every block 
inside the block comparison matrix represents the comparisons of all records in one block with all records in another 
block, the equal block, all blocks have constant size. 
 
D. Duplicate Detection 
 
The duplicate detection rules set by the administrator, the system alerts the user concerning potential duplicates once 
the user tries to form new records or update existing records. To keep up information quality, you'll be able to schedule 
a replica detection job to examine for duplicates for all records that match a particular criteria. You'll be able to clean 
the information by deleting, deactivating, or merging the duplicates rumored by a replica detection 
 
E. Quality Measures 
 
The quality of those systems is, hence, measured employing a cost-benefit calculation. Particularly for ancient 
duplicate detection processes, it's troublesome to satisfy a budget limitation, as a result of their runtime is difficult to 
predict. By delivering as several duplicates as potential in an exceedingly given quantity of your time, progressive 
processes optimize the cost-benefit quantitative relation. In producing, a live of excellence or a state of being free from 
defects, deficiencies and vital variations. It's caused by strict and consistent commitment to sure standards that bring 
home the bacon uniformity of a product so as to satisfy specific client or user needs. 
 

V. CONCLUSION 
 
This paper offered the progressive sorted local procedure and modern blockading. Each algorithms increase the 
efficiency of duplicate detection for instances with restrained execution time; they dynamically trade the ranking of 
evaluation candidates situated on intermediate outcome to execute promising comparisons first and not more promising 
comparisons later. To determine the performance gain of our algorithms, we proposed a novel quality measure for 
progressiveness that integrates seamlessly with present measures.  For the development of a thoroughly revolutionary 
replica detection workflow, we proposed a modern sorting approach, Magpie, a innovative multi-go execution model, 
Attribute Concurrency, and an incremental transitive closure algorithm. The variations AC-PSNM and AC-PB use 
multiple type keys simultaneously to interleave their modern iterations. By analyzing intermediate outcome, both 
approaches dynamically rank the different variety keys at runtime, greatly easing the important thing resolution 
obstacle. In future work, we wish  
to mix our modern approaches with scalable approaches for duplicate detection to supply outcome even rapid. In 
specified, Kolb et al. introduced a two section parallel SNM, which executes a traditional SNM on balanced, 
overlapping partitions. Here, we can rather use our PSNM to step by step in finding duplicates in parallel. 
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