
         
                    
                   
                  ISSN(Online): 2320-9801 
              ISSN (Print) :  2320-9798   

International Journal of Innovative Research in Computer 
and Communication Engineering 

(An ISO 3297: 2007 Certified Organization) 

Vol. 4, Issue 10, October 2016 
 

Copyright to IJIRCCE                                                         DOI: 10.15680/IJIRCCE.2016. 0410125                                           18696 

 

A Survey on Business Management of Hotel 
System 

 
Prof. Sanchika Vajpayee1, Shweta  Kawale2, Sushama Hembade3, Bhagyashri Salunkhe4, Anand Jagtap5 

Professor, Dept. of Computer, JSPM’s, BSIOTR, Savitribai Phule Pune University, Maharashtra, India1 

Student, Dept. of Computer, JSPM’s, BSIOTR, Savitribai Phule Pune University, Maharashtra, India2,3,4,5 
 

ABSTRACT: In this Project we proposed MobiContext , a hybrid cloud –based Bi-Objective Recommendation 
Framework (BORF) social networks .The MobiContext utilizes multi-objective optimization techniques to generate 
personalized recommendations. Address the issues related with cold start and data sparseness, the BORF performs data 
pre-processing by using the Hub-Average (HA) inference model. The results of comprehensive experiments on a large-
scale real dataset confirm the accuracy of proposed recommendation framework. Existing recommendation systems 
based their models on collaborative filtering approaches that make them simple to implement. However, performance 
collaborative filtering-based recommendation system suffers due to the challenges, such as: (a) Cold start, (b) Data 
sparseness, (c) Scalability. Recommendation problem is always characterized by the presence of many decision 
variables, such as users’ preferences and venue closeness. 
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I.INTRODUCTION 
 

In this project we will get easy availability of numerous e-commerce and social networks services, such as Amazon, 
Foursquare, and Gowalla, have resulted in the entire volume of data collected by the service providers on daily basis. In 
this system user can updates his status according to that status system can find the location of that user. System can also 
trace the places nearby to that location.  
 
                         This system is used to save Cost &Time. Information systems (IS) are area under discussion to 
enthusiastically changing state of affairs in the IS delivery phase. Now peoples are avoiding use of public e –services 
and prefer physical services. This System is extensively used in order to recover the practice of software and tools 
which provide suggestions by recommending the items which users might likely be interested for recommendation 
system which is more popular.  
                         Recommendation systems are increasingly developing new component of e-business applications. For 
instance Recommendation system of Amazon provide to customer his interested Item and interested area what he 
search previously. Recommendation systems utilize various knowledge discovery techniques on a user’s historical data 
and current context to recommend products and services that best match the user’s preferences. 
 
                     In this era social networking services like Facebook and Google Latitude has significantly getting the 
attraction of a large number of subscribers. A mobile social networking service allows a user to perform a “check-in” 
that is a small feedback about the place visited by the user .Large number of check-ins on daily bases results in the 
collection of large volumes of data. Based on the data stored by such services, several Venue-based Recommendation 
Systems .were developed. Such systems are designed to perform recommendation of venues to users that most closely 
match with users’ preferences. Despite having very promising features, the VRS suffer with numerous limitations and 
challenges. A major research challenge for such systems is to process data at the real-time and extract preferred venues 
from a large huge and different dataset of users’ historical check-ins 

 
 
 
. 
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II. EXISTING SYSTEM 
 

Now most of the existing recommendation systems are based on their models collaborative filtering approaches that make them 
simple to implement. Current system challenges like:  

• In the existing system, the person who wants to book a room has to visit the hotel for booking hotel rooms, and enquiry. 
• The existing system is manual system.  
• The hotel management has to keep records of rooms manually. 

 
DISADVANTAGES OF EXISTING SYSTEM 

• It is a time consuming process. 
• There is no surety of availability of rooms. 
• Paper work results in need of lot of space to keep the data. 
• Lack of security. 
• Chances of human errors. 

 
III. PROPOSED SYSTEM 

 
          In this project we introduce cloud based framework consisting of bio-objective  optimization of methods named as CF-BORF 
and greedy – BORF . Also introduce pre-processing phase that performs data refinement using HA. All the experiments were 
conducted on real world .  

• To overcome the problems of manual system, online hotel management system is proposed. 
• The Central objective of Online Hotel Management is to provide online facility for booking rooms.  
• This software can manage and keep records of hotel.  

 
ADVANTAGES OF PROPOSED SYSTEM 
.  

• Saves time of customers in quickly reserving rooms. 
• The ability to book rooms anytime, from anywhere with Internet access. 
• Provides the information about hotel facilities. 
•  very secure. 
• User friendly.  

 
Architecture Diagram 

 
Fig. Architecture diagram 
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Algorithm: 
CF- BORF-based Venue Selection 

 
      Input: Current User: c, region: R 
 

Output:  ܶܿ݁ݎ݌݋= A set ܵ′ of top-Nvenues.  
 
Definitions, = set of venues visited by expert user e, = set of recommended venues, lc=location of current user 
c, = set of venues visited by current user, = set of expert users similar to the current user c, = closeness 
measure of the expert user e with the location of current user c, is similarity of the user c with the expert user e. 

 
  ;∅ ←݃݃ܽݖ ;∅ ←ܿܰ.1
  (c,E) ݐ݁ݏ݉݅ݏݐݑ݌݉݋ܿ← ݎܵ :2
3: for݁ܽܿℎ ݁∈ܵݎ do 
4:      S← {ݒ|ܸ݁:ݒ∉ܸܿ}  
  ((S,݈ܿ)ܦ݉݅ݏݐݑ݌݉݋ܿ)݉ ← ݁ܿ߫    :5
  (݁ܿ߫, ݁ܿݏ)݃݃ܽ݁ݐݑ݌݉݋ܿ←[e]ܽݖ      :6
7: end for 
  (݃݃,c)ܴܿ݁ݐݑ݌݉݋ܿ←ܿܰ :8

  (ܿܰ) ݐݎ݋ݏ←ܿ݁ݎ݌݋ܶ :9
 

Module Description 
 
The centralized architecture for venue recommendations must simultaneously consider users’ preferences, check-in 
history, and social context to generate optimal venue recommendations. Therefore, to address the scalability issue, we 
introduce the decentralized cloud-based MobiContext BORF approach. The following are some of the major 
components of the proposed framework. 
 

Number of Module:- 
                   
 After careful analysis the system has been identified to have the following modules: 
 
1.User Profile:- 

 
              Our system will maintain records of users profile for every geographical area .the profile of user will consider 
as identification, venue visited by user. And check-in time of venue.  
 
2.Admin module 
Ranking Module:- 
                 After study on user profile the ranking module perform functionality during the Pre – Processing phase of 
data refinement. It will be running monthly, weekly basis on configured by system administrator. The ranking module 
applies model-based HA inference method on users’ profiles to assign ranking to the set of users and venues based on 
mutual reinforcement relationship. Main thing about this module is take set of popular venue and expert users. We can 
call venue as popular if it’s visited by many users. And user as expert if  He / She visited many popular venues.  
 
3. Employer Module:-  
                 The purpose of this module is to generate network of likeminded people who share the similar preferences 
for various venues they visit in diffrent area. It also computes venue closeness based on  distance between the current 
user and popular venue.  
 
. 
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IV. CONCLUSION 
 

    The significance and novelty of the proposed framework is the adaptation of collaborative filtering and bi-objective 
optimization approaches, such as scalar and vector. Data sparseness issue is addressed by integrating the user-to-user 
similarity computation with confidence measure that quantifies the amount of similar interest indicated by the two users 
in the venues commonly visited by both of them. Solution to cold start issue is discussed by introducing the HA 
inference model that assigns ranking to the users and has a precompiled set of popular unvisited venues that can be 
recommended to the new user.  
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