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ABSTRACT: Traditional diet planning methods often lack personalization, reducing their effectiveness in promoting 

healthy lifestyles. This paper presents a Personalized Nutrition Recommendation System that generates customized diet 

plans using machine learning and health metrics. The system collects user inputs such as age, gender, height, weight, 

activity level, and health goals, and computes key indicators including Body Mass Index (BMI), Basal Metabolic Rate 

(BMR), and Total Daily Energy Expenditure (TDEE).The proposed system integrates a Flask-based backend, Scikit-

learn models, and an Indian food nutrition dataset to deliver calorie-balanced meal recommendations. A hybrid 

approach combining Random Forest and rule-based filtering ensures alignment with user preferences and medical 

conditions such as diabetes and hypertension. Experimental results demonstrate improved personalization and 

relevance compared to traditional methods, making the system suitable for preventive healthcare and smart dietary 

management. 
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I. INTRODUCTION 

 

In recent years, the importance of personalized healthcare has grown significantly, particularly in the domain of 

nutrition and lifestyle management. Traditional diet planning methods often rely on generalized guidelines that fail to 

account for individual differences such as metabolism, activity level, and health conditions. As a result, these 

approaches may not effectively support long-term health goals or prevent lifestyle-related diseases. With the 

advancement of artificial intelligence and data-driven technologies, it has become possible to design intelligent systems 

that provide tailored nutritional recommendations based on individual user profiles. 

 

The Personalized Nutrition Recommendation System aims to address these limitations by generating customized diet 

plans using artificial intelligence and health-related metrics. The system collects essential user information, including 

age, gender, height, weight, activity level, and specific health goals such as weight loss, maintenance, or muscle gain. 

These inputs are used to compute key physiological indicators such as Body Mass Index (BMI), Basal Metabolic Rate 

(BMR), and Total Daily Energy Expenditure (TDEE), which are widely used to estimate an individual’s nutritional 

requirements. Based on these values, the system determines appropriate calorie intake and nutrient distribution for each 

user. 

 

The system integrates a Flask-based backend, machine learning techniques, and a structured Indian food nutrition 

dataset to generate daily and weekly meal plans. It supports diverse dietary preferences, including vegetarian and non-

vegetarian options, while ensuring calorie-balanced recommendations. In addition, rule-based constraints are 

incorporated to handle specific medical conditions such as diabetes and hypertension, ensuring that the 

recommendations are both personalized and safe. Data preprocessing techniques are also applied to handle missing or 

inconsistent inputs and to standardize user data for accurate analysis. 

 

Recent studies highlight the growing role of machine learning in healthcare applications. Pedregosa et al. [2] 

demonstrated the effectiveness of machine learning frameworks in building predictive models, while Chen et al. [3] 

emphasized their use in large-scale healthcare data analysis for disease prediction. Furthermore, hybrid 
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recommendation approaches have been shown to improve system performance by combining multiple techniques. 

Burke [4] discussed the advantages of hybrid recommender systems, and Ribeiro [5] highlighted the need for adaptable 

and dynamic recommendation models. Choi et al. [8] further demonstrated that integrating user preferences with health 

data leads to more accurate and personalized food recommendations. 

 

Overall, the proposed system contributes to improving nutritional awareness and promoting healthier lifestyle choices. 

It provides a dynamic and user-centric solution for dietary planning, unlike traditional static approaches. Supported by 

global dietary guidelines from the World Health Organization [1] and nutritional research by Keogh and Clifton [6], 

this system serves as an effective tool for preventive healthcare. The integration of artificial intelligence in nutrition 

management demonstrates its potential to transform how individuals make informed dietary decisions and maintain 

overall well-being. 

 

II. LITERATURE REVIEW 

 

The literature survey plays a crucial role in the development of any intelligent recommendation system, as it provides 

insights into existing methodologies, technologies, and research gaps. In the domain of personalized nutrition, several 

approaches have been proposed using machine learning, data analytics, and hybrid recommendation techniques. 

 

[8] Choi et al. proposed a personalized food recommendation system that integrates user preferences and health-related 

data to generate suitable meal plans. Their approach demonstrated the effectiveness of combining nutritional 

information with user-specific characteristics to improve recommendation accuracy. Similarly, Burke [4] highlighted 

the importance of hybrid recommender systems, which combine multiple techniques to overcome the limitations of 

single-method approaches. Ribeiro [5] further emphasized that many existing nutritional recommendation systems lack 

adaptability and fail to incorporate dynamic user needs. While these studies contribute significantly to the field, they 

often do not fully address real-time personalization and long-term health monitoring. This highlights the need for more 

advanced systems that integrate machine learning with rule-based filtering to provide accurate, adaptive, and health-

aware dietary recommendations.  

 

[8] Chen et al. (2017) explored the use of machine learning for disease prediction using healthcare data. Their work 

emphasized the importance of large datasets and predictive analytics in identifying health risks. While their system was 

effective in disease prediction, it did not extend its functionality to nutritional recommendation, which is an essential 

aspect of preventive healthcare. Burke (2002) introduced the concept of hybrid recommender systems, combining 

multiple recommendation techniques such as collaborative filtering and content-based filtering. Hybrid systems are 

particularly useful in improving recommendation accuracy and overcoming limitations such as cold-start problems. 

This concept has been widely adopted in modern recommendation systems, including nutrition-based applications. 

 

[5] Ribeiro (2018) presented a comprehensive review of nutritional recommendation systems, highlighting various 

approaches such as rule-based systems, ontology-based models, and machine learning techniques. The study pointed 

out that many systems lack adaptability and fail to consider real-time user data, which limits their effectiveness in 

providing personalized recommendations. 

 

[8] Choi et al. (2019) developed a personalized food recommendation system based on user preferences and health data. 

Their model integrated user dietary habits with nutritional requirements to generate meal plans. Although the system 

showed promising results, it required extensive data preprocessing and was limited by the availability of high-quality 

datasets. 

 

[9] Goldberg et al. (1992) introduced collaborative filtering, a technique widely used in recommendation systems. This 

approach identifies patterns based on user behavior and preferences. While effective in many domains, collaborative 

filtering alone is not sufficient for healthcare applications, as it does not consider critical health parameters such as 

medical conditions or nutritional requirements.[2] Pedregosa et al. (2011) developed Scikit-learn, a widely used 

machine learning library in Python that supports various algorithms including Random Forest, K-Nearest Neighbours, 

and Support Vector Machines. These algorithms are commonly applied in healthcare systems for classification and 

prediction tasks due to their efficiency and scalability. Despite the significant advancements in this field, several 

challenges remain. Many existing systems do not effectively combine health metrics, user preferences, and real-time 
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data. Additionally, most systems rely on a single approach, either rule-based or machine learning-based, which limits 

their performance. 

 

To address these limitations, the proposed system adopts a hybrid approach that combines machine learning (Random 

Forest) with rule-based filtering. This ensures that recommendations are not only accurate but also aligned with user 

health conditions such as diabetes and hypertension. Furthermore, the system incorporates essential health indicators 

such as BMI, BMR, and TDEE to enhance personalization. 

 

Thus, the proposed work improves upon existing systems by providing a more comprehensive, adaptive, and user-

centric nutrition recommendation framework that supports preventive healthcare and promotes healthy lifestyle 

choices. 

 

III. SYSTEM ARCHITECTURE 

 

The User Interface (UI) serves as the primary point of interaction between the user and the system. It is designed to be 

simple, intuitive, and user-friendly, allowing users to input their personal details such as age, gender, height, weight, 

activity level, and health goals with ease. The interface ensures minimal input effort while providing clear instructions 

and quick feedback. Once the user submits the data, it is securely transmitted to the backend server for further 

processing. 

 

The Backend Server, developed using Flask, acts as the core processing unit of the system. It handles user requests, 

performs data preprocessing, and manages communication between different system components. The backend 

computes essential health metrics such as BMI, BMR, and TDEE using standard formulas and prepares the data for 

analysis. It then interacts with the recommendation engine and database to generate appropriate meal plans. The 

backend ensures efficient data flow, scalability, and reliable system performance. 

 

The Recommendation Engine is the key component responsible for generating personalized diet plans. It utilizes 

machine learning techniques along with rule-based filtering to analyze user data and match it with suitable food items 

from the nutrition dataset. The engine considers multiple factors such as calorie requirements, nutrient balance, dietary 

preferences, and medical conditions to produce accurate recommendations. The Output Module then presents the 

results in a structured format, including daily and weekly meal plans, while the Database Module stores user data and 

nutritional information for future use and system improvement. 

 

It consists of the following components: 

• User Interface 

• Backend Server (Flask) 

• Recommendation Engine (OpenAI API) 

• Nutrition Dataset 

• Output Module 

• Database Module 
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Fig. 1. Architecture of the personalized nutrition system. 

 

IV. METHODOLOGY 

 

The proposed system consists of various processing steps. 

The proposed Personalized Nutrition Recommendation System is developed to provide personalized nutritional 

suggestions for a user based on their profile and nutritional needs. First, user-specific information such as age, gender, 
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height, weight, and conditions is obtained. At the same time, a food dataset containing nutritional values such as 

calories, proteins, carbs, and fats is considered. 

 

Preprocessing is done on the obtained data, and missing values are handled. Encoding is done for the obtained data. 

Body Mass Index and calorie needs are computed to understand the nutritional needs of the user. A user profile is 

developed considering these parameters. A user profile is classified into various health conditions such as underweight, 

normal, or overweight. At the same time, it is classified into conditions such as diabetic or hypertensive. 

 

 
 

Fig4.1 Input parameters 

 

 
 

Fig 4.2 symptoms with recovery 

 

 
 

Fig 4.3 Foods Recommendation 
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The proposed system employs the Random Forest algorithm for user data analysis and nutrition plan recommendation. 

This algorithm is a supervised learning method based on ensemble learning techniques that use a combination of 

decision trees for prediction. This method can handle both classification and recommendation system problems by 

recognizing patterns in user health and nutritional information. 

 

The input parameters for the algorithm are: 

• User-specific parameters: 

• Age 

• Gender 

• Height and weight 

• Body Mass Index (BMI) 

• Level of activity 

• Health conditions: diabetes, hypertension, obesity 

• Dietary preferences: vegetarian, non-vegetarian, vegan Dataset Description 

The model predicts the most suitable diet plan by matching the nutritional requirements of the user with the food data. 

 

The model also includes food-related features such as: 

• Calories 

• Protein content 

• Carbohydrates 

• Fats 

• Fiber and sugars 

 

The algorithm uses these features to determine whether food items are suitable or not and provides personalized meal 

plans. The model is able to predict the best diet plan for a user by matching their nutritional needs with the food items 

available 

 

V. IMPLEMENTATION DETAILS 

5.1 System Overview: 

The Personalized Nutrition Recommendation System is a framework that looks at individual user profiles to create diet 

plans. This system uses user health data, nutritional datasets and machine learning techniques to give personalized 

recommendations. 

5.2 Data Acquisition 

To get user data we use forms that ask for things like age, gender, weight, height, lifestyle habits and existing medical 

conditions. We also have a dataset with food items, calorie values and nutrient composition to help with 

recommendations 

5.3 Data Preprocessing 

The data we get has to be cleaned up to make sure it is good and consistent. We deal with missing values. Turn 

categorical variables like dietary preferences and activity levels into numbers. We also make sure continuous variables 

like weight and calorie intake are normalized. 

5.4 Machine Learning Model Implementation 

We use machine learning algorithms with Scikit-learn to build the recommendation engine. The model is trained on 

nutrition and health data to find patterns between user characteristics and diet plans. 

5.5 Hybrid Recommendation Approach 

To make recommendations more personal we combine machine learning predictions with rule- based filtering. We 

consider health conditions like diabetes or hypertension to limit nutrients. We also think about preferences like 

vegetarian or vegan choices. 

 

 

 

VI. EXPERIMENTAL RESULTS 
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The experimental results indicate that the proposed system is able to analyze user profiles and 

provide personalized diet recommendations according to individual nutritional requirements. 

 

6.1 Testing Conditions 

• Various user profiles (different age groups, weights, heights, and activity levels) 

• Different dietary preferences (vegetarian and non-vegetarian) 

• Multiple goal scenarios (weight gain, weight loss, maintenance) 

• Edge cases (missing optional inputs like BP/sugar, extreme values) 

• Dataset variations to ensure proper filtering and fallback handling 

 

6.2 Observations and Performance Metrics 

  
 

                     Fig 6.2.1 System Performance Metrics                                       Fig 6.2.2 Nutrition Distribution 

 

                 
Fig 6.2.3 BMI-Conditions                                                      Fig 6.2.4 user-Preferences 

 

6.3 User Feedback 

User testing indicated that the system provides clear and personalized meal recommendations, offering a significant 

improvement over generic diet plans. Users found the calorie breakdown and portion suggestions particularly helpful in 

understanding and managing their daily dietary intake. The interface was reported to be simple, intuitive, and easy to 

navigate, requiring minimal effort to input data while delivering quick results. 

 

 

Overall, users appreciated the integration of health metrics with personalized meal planning, which made the 

recommendations more relevant and practical. Many users also felt more confident in making healthier food choices 
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after using the system. Additionally, the system was perceived as a useful tool for maintaining consistency in diet 

planning and supporting long-term health goals. 

 

VII. APPLICATIONS 

 

The proposed system has a wide range of real-world applications, including: 

• Personalized Diet Planning: Provides customized meal plans based on individual health metrics, goals, and dietary 

preferences 

• Healthcare and Nutrition Support:  

Assists individuals with conditions like diabetes, obesity, and hypertension by recommending suitable diets 

• Fitness and Weight Management:  

Helps users achieve fitness goals such as weight loss, weight gain, or maintenance through calorie-based meal planning 

• Smart Health Applications:  

Can be integrated into mobile apps, wearable devices, or fitness platforms for real-time nutrition guidance 

• Dietician and Clinical Use:  

Supports nutritionists and healthcare professionals in generating quick and personalized diet recommendations 

• Educational and Awareness Tools:  

Helps users understand calorie intake, portion control, and balanced nutrition through interactive recommendations 

• Corporate Wellness Programs:  

Can be used by organizations to promote employee health and well-being through personalized diet plans 

 

VIII. LIMITATIONS 

 

The system has limitations: 

• Data is very important for this system to work well. 

• This system does not always understand what makes each person unique.. 

• The information, about food and nutrition that the system uses can get old if it is not updated 

• The computer models that make predictions are not always right. 

• The system does not keep an eye on how peoples health's changing all the time. 

 

IX. FUTURE WORK 

 

• The proposed system can be improved in the ways: 

• The proposed system can use complex methods like Deep Learning for 

recommendations that are more accurate and that can change. 

• The proposed system can use health information from devices like fitness trackers 

that people wear 

• The proposed system needs to have types of food from different places in the database 

• A mobile application, for the proposed system can be made so that people can use it easily. 

• The proposed system can be put on a cloud so that it can work faster and more efficiently. 

 

X. CONCLUSION 

 

The Personalized Nutrition Recommendation System I have developed uses data to give people customized diet advice 

based on who they're. It looks at things like where you're from what health issues you have and how you live and uses 

computer algorithms to make suggestions that work for you. By cleaning up the data and using health measures like 

Body Mass Index the system makes sure its suggestions are accurate and reliable. 

 

The system not predicts what you should eat but also uses rules to make sure its suggestions fit with your medical needs 

and personal preferences. This makes it more flexible and focused on what you need. The approach saves people time 

and effort in planning their diets. Gives better results, than general nutrition plans. 

 

Overall this system is an efficient way to manage your health. It shows how combining computer science with nutrition 

can help people make choices and avoid diseases. As it gets better and works with technologies it can give even more 
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precise and timely diet advice, which will help a lot in digital healthcare and personalized wellness. 

The proposed Personalized Nutrition Recommendation System will employ various machine learning algorithms to 

create personalized diet recommendations according to user profiles. 

 

The system uses data cleaning methods to make sure the information it gets is correct and ready to use. It looks at 

health signs like Body Mass Index and makes sure all the information is consistent. This helps the system make 

predictions. The system also uses machine learning to find connections between what people're like and what they 

should eat. This helps the system give advice that is based on facts. The system can also give practical eating plans 

especially for people with certain health problems or food limitations. 
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