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ABSTRACT: Agriculture plays a pivotal role in global food security and economic stability, but plant diseases remain 

a significant challenge that affects productivity and revenue. Traditional methods for detecting plant diseases are often 

labor-intensive and reliant on expert knowledge. This paper reviews an automated approach to plant disease detection 

that leverages Convolutional Neural Networks (CNNs). The proposed system identifies plant diseases through leaf 

images and suggests appropriate treatments. This solution aims to enhance agricultural productivity, reduce pesticide 

use, and promote sustainable farming practices by providing accurate, timely, and data-driven disease detection. 
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I. INTRODUCTION 

 

Agriculture is essential for global food security and economic stability, but plant diseases, especially leaf diseases, pose 

a significant threat to crop health and productivity. Traditional methods of disease detection, such as visual inspections, 

are slow and often inaccurate. This project aims to address this challenge by using Artificial Intelligence (AI) to detect 

and manage leaf diseases in various plants. [5][4] 

 

By analyzing images of plant leaves, the system can identify diseases at an early stage, classify them accurately, and 

provide farmers with recommendations for treatment and prevention. This will help farmers take timely action, reduce 

pesticide use, and improve crop yields. Early detection and data-driven disease management are crucial for promoting 

sustainable farming practices and enhancing productivity. 

 

 The project’s objectives include developing a system for early disease detection, accurate classification using machine 

learning, and offering actionable treatment suggestions. [7] The system will be accessible via a user-friendly mobile or 

web interface, enabling farmers to efficiently monitor and manage plant health. To address these challenges, this 

project proposes an automated system that uses advanced machine learning and image classification techniques to 

detect plant diseases from leaf images and suggest appropriate treatments. By providing farmers with timely 

information about plant health, the system aims to optimize crop management, increase yield, and reduce the 

environmental impact of unnecessary pesticide use. This project also integrates a medicine suggestion module that 

provides farmers with recommended treatments based on detected diseases, ensuring prompt and targeted action.  

 

II.METHODOLOGY 

 

The proposed system is built using the following key components:  

1. Data Collection: The system relies on images of both healthy and diseased plants. These images are gathered from 

public datasets such as Plant Village, Kaggle, or other sources. A diverse dataset ensures that the model can accurately 

detect various plant diseases.[8][7] 

 

 2. Data Preprocessing: Before the images are used to train the model, they undergo preprocessing steps, including 

image resizing, normalization, and augmentation. This helps improve the quality of the input data and makes the model 

more robust to variations in image quality.  

 

3. Model Training (CNN): The core of the system is a Convolutional Neural Network (CNN) model trained on the 

preprocessed images. CNNs are highly effective in image classification tasks because they can automatically detect 

features such as color, texture, and shape from images. The model is trained on labeled datasets, where each image is 

associated with a specific plant disease.[2][3] 
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 4. Disease Detection: Once the model is trained, it can be applied to new images to predict and classify plant diseases. 

The system can detect diseases by analyzing the visual patterns in the plant leaves.  

 

5. Medicine Suggestion: After detecting the disease, the system suggests appropriate treatments based on a predefined 

database of plant diseases and their corresponding medicines. The recommendation includes dosage and application 

methods, tailored to the specific disease.  

 

6. Model Evaluation: The system’s performance is evaluated using accuracy, precision, and recall metrics. These 

metrics help determine how well the model classifies diseases and whether the medicine recommendations are reliable.  

 

7. System Architecture: The system architecture includes the data pipeline (from data collection to model evaluation) 

and the integration of the medicine database. This architecture ensures a seamless flow from disease detection to 

treatment recommendation (Aimers Synopsis) (plant disease detection). 

 

III. MODELING AND ANALYSIS 

 

1) Software Requirement :  

a) Android Studio : Android Studio is the official Integrated Development Environment (IDE) for developing Android 

applications. It provides a comprehensive suite of tools for building, testing, and debugging Android apps, making it a 

powerful environment for creating mobile applications that can run on Android devices.  

b) Keras : Keras is an open-source, high-level neural networks API written in Python. It is designed to make building 

deep learning models fast and easy. Keras runs on top of low-level machine learning libraries such as TensorFlow, 

Theano, and CNTK (although Keras is now primarily associated with TensorFlow). 

c) TenserFlow: TensorFlow is an open-source machine learning framework developed by Google for building and 

training machine learning models. TensorFlow provides both high-level APIs (like Keras) and low-level APIs for more 

flexibility, allowing users to define complex models, perform automatic differentiation, and optimize neural networks.  

d) Visual Studio : Visual Studio Code (VS Code) is a free, open-source code editor developed by Microsoft. It is 

lightweight, fast, and highly customizable, making it one of the most popular code editors for developers. While it’s not 

an Integrated Development Environment (IDE) in the traditional sense, VS Code is often used as an IDE because of its 

flexibility and wide range of extensions and features e) Eclipse Ide: Eclipse IDE is a powerful, open-source integrated 

development environment (IDE) primarily known for Java development, but it also supports a wide range of languages 

such as Python, C/C++, PHP, and more through plugins. It’s widely used for large-scale software development, and its 

extensibility makes it ideal for machine learning and AI projects. 

e) Eclipse Ide: Eclipse IDE is a powerful, open-source integrated development environment (IDE) primarily known for 

Java development, but it also supports a wide range of languages such as Python, C/C++, PHP, and more through 

plugins. It’s widely used for large-scale software development, and its extensibility makes it ideal for machine learning 

and AI projects.  

f) Spring Boot: Spring Boot is a popular framework used to build Java-based applications, particularly for web 

development. It is part of the larger Spring Framework, but unlike traditional Spring applications, Spring Boot 

simplifies the process of setting up and configuring your application. Spring Boot allows you to create stand-alone, 

production-grade applications with minimal setup and configuration 

 

IV. LITERATURE SURVEY 

 

1. Detection of Banana Leaf and Fruit Diseases Using Neural Networks In this study, a neural network-based system 

for detecting banana plant diseases is presented. The authors highlight the importance of early disease detection in 

banana leaves and fruits, which are prone to infections such as black sigatoka, yellow sigatoka, banana bunchy top 

virus, and others. The proposed system integrates image processing techniques such as image acquisition, pre-

processing, feature extraction, and classification using Artificial Neural Networks (ANN). The system's primary 

objective is to enhance detection accuracy and reduce manual labor, especially in large farms where human observation 

is inefficient. This approach provides automated disease identification with cost-effective monitoring, aiming to 

improve agricultural yields(10.1109@ICIRCA48905.202…).[4][1] 
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 2. Disease Detection in Fruits Using Image Processing This paper focuses on applying deep learning techniques, 

particularly Convolutional Neural Networks (CNN), to detect diseases in various fruits. The CNN algorithm is 

employed to process fruit images and identify specific disease patterns. The system achieves an impressive 97% 

accuracy by analyzing fruit texture and features, helping in classifying diseased fruits from healthy ones. The research 

emphasizes the significance of automated disease detection for improving fruit quality, especially in the export 

industry, where manual classification often leads to errors. The approach minimizes human intervention and boosts 

productivity by providing a precise classification system(fruit disease detection).  

 

3. Detection of Apple Plant Diseases Using Leaf Images Through Convolutional Neural Networks This work presents a 

lightweight deep learning model that detects diseases in apple leaves with high efficiency. The study addresses the 

challenges of plant disease detection by using a CNN model optimized for lower computational requirements, making it 

suitable for mobile and handheld devices. The model classifies diseases such as Scab, Black Rot, and Cedar Rust, 

achieving a 98% accuracy rate. Data augmentation techniques were used to increase the training dataset, and the CNN 

architecture was fine-tuned to reduce storage and processing time. The results demonstrate the potential of deploying 

such models in real-time agricultural applications, offering a robust tool for disease identification without the need for 

extensive computational resources(Detection_of_Apple_Plan…). [6] 

 

4. Potato Leaf Disease Detection Based on the YOLO Model 

This study introduces a method for detecting and classifying diseases in potato leaves using the YOLOv7 deep learning 

model, known for its real-time object detection capabilities. A dataset containing images of both healthy and diseased 

leaves was used for training. The model successfully identifies and classifies diseases, such as Early Blight and Late 

Blight, achieving an impressive accuracy of 98.1%. The results demonstrate YOLOv7's ability to efficiently process 

data, enabling early detection and disease control, which can significantly improve potato crop productivity and support 

precision agriculture. 

 

5. Crop Disease Identification in Tomato Leaf Using Deep Learning 

This paper focuses on identifying diseases in tomato leaves using the Inception V3 deep learning model. A dataset of 

2,700 images (healthy leaves, early blight, and bacterial spot) was split into training, validation, and testing sets. The 

model was fine-tuned to classify the diseases, achieving a high accuracy of 98%. The results show that the Inception 

V3 model outperforms other models, making it highly suitable for real-world applications in agriculture. The study 

emphasizes how accurate disease identification can help farmers take preventive measures, ensuring better crop yield 

and food security. 

 

6. Image-Based Black Gram Crop Disease Detection 

This research proposes an image-based detection system for identifying four major diseases in Black Gram crops: 

• Anthracnose, 

• Leaf Crinkle, 

• Powdery Mildew, and 

• Yellow Mosaic. 

The BPLD dataset containing 1,000 images was used for model training and evaluation. Various machine learning and 

deep learning methods were tested, including k-nearest neighbor (KNN), decision tree, random forest, artificial neural 

networks (ANN), and convolutional neural networks (CNN). Among these, CNN achieved the highest accuracy of 

89.5%, outperforming other classifiers. This study highlights the importance of automated systems in efficiently 

identifying crop diseases, thus supporting farmers in managing disease control. 

 

▪ Target Plants for Disease Detection: The system is specifically designed to detect diseases in the following 

plants: blueberry, corn, peach, pepper, soybean, and raspberry. These plants have been chosen due to their 

economic importance and vulnerability to various diseases that can significantly affect yield and quality. 

 

Blueberry: Blueberries are highly susceptible to fungal and bacterial infections, including diseases like mummy berry, 

anthracnose fruit rot, and bacterial leaf scorch. Early detection is crucial to prevent these diseases from spreading, 

which can devastate the blueberry crop. Accurate and timely identification of these diseases helps farmers minimize 

yield losses and optimize treatment strategies.  
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Corn: Corn is one of the most widely cultivated crops globally, but it is prone to a variety of diseases, including gray 

leaf spot, Northern corn leaf blight, and rust. These diseases can cause substantial reductions in yield if not treated 

early. Given corn's importance in global food production, especially for animal feed and biofuels, early disease 

detection can save significant economic losses.  

 

Peach: Peach trees are commonly affected by diseases like leaf curl, brown rot, and bacterial spot. These diseases not 

only affect the fruit but also the overall health of the tree, leading to reduced fruit quality and quantity. Detecting peach 

diseases early helps orchard managers implement timely fungicide treatments and prevent widespread damage.  

 

Pepper: Peppers are vulnerable to various fungal and viral diseases, such as Phytophthora blight, anthracnose, and 

mosaic virus. These diseases can lead to significant losses in commercial pepper production. Automated disease 

detection in peppers can help farmers apply targeted treatments early and avoid the excessive use of pesticides.  

 

Soybean: Soybeans are a critical crop for global food production and animal feed. However, diseases like soybean rust, 

frogeye leaf spot, and stem canker can cause large-scale yield losses. Due to soybean's importance in global markets, 

disease management is a top priority, and early detection helps ensure sustainable production and profitability.  

 

Raspberry: Raspberry plants are susceptible to diseases like spur blight, anthracnose, and raspberry cane blight, which 

can lead to significant fruit losses. These diseases affect both the fruit and the canes of the plant, reducing the quality 

and yield of raspberries. By detecting these diseases early, growers can prevent their spread and reduce the need for 

broad-spectrum chemical treatments. 

 

System Architecture 

 

 

Fig 1. System Architecture Diagram. 
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V. CONCLUSION AND FUTURE WORK 

 

The Plant Disease Detection System leveraging Artificial Intelligence (AI) represents a significant advancement in 

modern agriculture, especially in helping farmers identify and manage plant diseases effectively. By using cutting-edge 

machine learning techniques, such as Convolutional Neural Networks (CNNs), combined with image processing 

technologies, the system provides a fast, reliable, and accurate method for detecting various plant diseases from leaf 

images. This system can be an invaluable tool for farmers, especially in regions where expert knowledge is scarce or 

difficult to access. Recommending targeted treatments that are based on the disease diagnosed, reducing unnecessary 

pesticide use and promoting sustainable agricultural practices. In addition to its technical success, the system offers a 

user-friendly web interface that makes it accessible for farmers and agricultural experts alike. The integration of cloud 

deployment ensures scalability and accessibility across regions, making it a globally applicable solution for agricultural 

health. 

 

FUTURE SCOPE 

 

The results also highlight future potential for further enhancements, such as integrating IoT for real-time monitoring, 

expanding to more crop types, and developing a mobile application for field use. Drones equipped with the system 

could enable large-scale monitoring, making the technology applicable to broader agricultural environments. 
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