
 

 

International Journal of Innovative Research in 

Computer and Communication Engineering 
(A Monthly, Peer Reviewed, Refereed, Scholarly Indexed, Open Access Journal) 

 
 

         Impact Factor: 8.771 Volume 13, Issue 4, April 2025 
 



© 2025 IJIRCCE | Volume 13, Issue 4, April 2025|                                        DOI: 10.15680/IJIRCCE.2025.1304104 

 
 

IJIRCCE©2025                                                       |     An ISO 9001:2008 Certified Journal   |                                                   8732 

YOLOv3-Based Traffic Rule Violation 
System: Enhancing Road Safety 

 

P Santhosh, P Sandhya, M Sai Sruthi, M Sai Ram 

B. Tech, Department of CSE, Malla Reddy University, Hyderabad, Telangana, India 

B. Tech, Department of CSE, Malla Reddy University, Hyderabad, Telangana, India 

B. Tech, Department of CSE, Malla Reddy University, Hyderabad, Telangana, India 

B. Tech, Department of CSE, Malla Reddy University, Hyderabad, Telangana, India 

 

ABSTRACT: Traffic rule violations pose significant challenges to road safety, leading to accidents, injuries, and 
fatalities worldwide. Existing methods of traffic enforcement often rely on manual surveillance, which is resource-

intensive and subject to human error. This project addresses this issue by developing a real-time traffic rule violation 
detection system using YOLOv3, a state-of-the-art deep learning model. The system utilizes a diverse dataset of traffic 
scenes to train the YOLOv3 model for identifying violations such as speeding, red light running, and illegal parking. 
Transfer learning techniques enable the model to leverage pre-trained weights and fine-tune its performance for traffic 
detection. The trained model is integrated into a real- time surveillance system that processes live video feeds to detect 
and classify traffic violations. Quantitative metrics such as precision, recall, and F1 score demonstrate the system's high 
accuracy and reliability. Qualitative analysis reveals successful detection across varying weather and lighting 
conditions, showcasing the model's robustness. These significant results highlight the system's potential to enhance 
road safety by automating traffic enforcement and reducing accidents. Future research may explore the integration of 
additional sensor data, such as LiDAR or radar, to improve detection accuracy. Expanding the dataset to encompass a 
broader range of traffic scenarios and regions could enhance the system's generalization. Furthermore, adaptive 
learning algorithms could allow the model to continuously improve its performance in response to changing traffic 
patterns. Overall, this project demonstrates the efficacy of using deep learning for real-time traffic rule violation 
detection, offering a promising solution to enhance road safety and support law enforcement efforts. 
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I. INTRODUCTION 

 

Traffic rule violations are a major concern for road safety, contributing to a significant number of accidents, injuries, 
and fatalities worldwide. With the rapid increase in vehicular traffic, traditional traffic enforcement methods relying on 
manual surveillance and human intervention have proven to be less effective and highly resource-intensive [1][2]. 
These conventional approaches often suffer from inefficiencies, such as delayed violation detection and inconsistent 
enforcement, which can lead to increased traffic congestion and compromised road safety [3]. Given these limitations, 
there is a pressing need for an automated, real-time solution to detect and address traffic rule violations efficiently. 
 

To address this challenge, this project aims to develop a real-time traffic rule violation detection system using the 
YOLOv3 (You Only Look Once version 3) deep learning model [4]. YOLOv3 is well-regarded for its high-speed and 
accurate object detection capabilities, making it a suitable choice for real-time traffic monitoring applications [5]. The 
system is designed to detect common traffic violations, including speeding, red light running, and illegal parking, by 
analyzing live video feeds from roadside surveillance cameras. By leveraging deep learning techniques, this approach 
can significantly enhance the effectiveness of traffic law enforcement while reducing the dependency on human 
monitoring [6]. 
 

The implementation of this system involves multiple key components. First, a diverse dataset of traffic scenes is 
collected and annotated to ensure comprehensive training data for the YOLOv3 model [7]. Transfer learning techniques 
are employed to fine-tune the model, allowing it to adapt to specific traffic violation detection tasks efficiently [1]. 
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Once trained, the model is integrated into a real-time surveillance system that processes live video feeds, automatically 
identifying and classifying traffic rule violations [2]. This automation significantly reduces the workload on traffic 
enforcement officers while improving the accuracy and speed of violation detection [3]. 
 

The effectiveness of the proposed system is evaluated using quantitative performance metrics such as precision, recall, 
and F1 score, as well as qualitative assessments under varying environmental conditions [4]. The results demonstrate 
the robustness of the YOLOv3 model in detecting violations across different weather and lighting scenarios, making it a 
reliable solution for real-world applications [5]. Moreover, the integration of this system into traffic management 
infrastructure has the potential to streamline enforcement procedures, ensuring greater compliance with road safety 
regulations [6]. 
 

By automating traffic rule violation detection, this project contributes to the broader goal of enhancing road safety and 
reducing accidents caused by negligent driving behaviors [7]. The successful deployment of this system presents a 
promising solution to modern traffic management challenges, reinforcing the importance of artificial intelligence in 
advancing public safety and transportation efficiency. 
 

II. RELATED WORK 

 

Recent advancements in deep learning and computer vision have significantly improved traffic rule violation detection 
systems. Agorku et al. [8] proposed a real-time helmet violation detection system using YOLOv5 and ensemble 
learning to enhance accuracy in detecting motorcyclists violating helmet laws. Their approach improved performance 
by combining multiple models, demonstrating the potential of ensemble techniques in traffic monitoring. Similarly, 
Shariff and Kubra [12] focused on detecting helmet rule violations using deep learning. Their work utilized CNN-based 
architectures to improve the accuracy of helmet detection in real-world scenarios, contributing to safer road practices 
for motorcyclists. 
 

Uma et al. [9] introduced an advanced traffic safety system utilizing AI for monitoring speeding, red light violations, 
and rider behaviors. Their system integrated multiple AI-based modules, enhancing road safety by providing automated 
and real-time detection of common traffic violations. Harini et al. [14] further contributed to traffic enforcement by 
developing a traffic violation detection system using YOLOv7. Their approach demonstrated the robustness of YOLO-

based models in detecting infractions under varying environmental conditions, making real-time enforcement more 
reliable and efficient. 
 

Kingsly et al. [10] leveraged the YOLO algorithm for real-time traffic sign categorization, improving object detection 
for enhanced road safety. Their study highlighted the importance of deep learning in identifying and classifying traffic 
signs, which is crucial for both human drivers and autonomous vehicles. Juyal et al. [11] also explored deep learning-

based traffic sign detection, specifically for autonomous vehicles. Their model employed advanced object detection 
techniques to ensure reliable sign recognition, even in challenging lighting and weather conditions, contributing to 
improved navigation and traffic compliance. 
 

Bakirci [13] focused on enhancing vehicle detection in intelligent transportation systems by integrating an autonomous 

UAV platform with YOLOv8. Their study demonstrated how UAV-based surveillance could improve large-scale 

traffic monitoring and law enforcement, offering a broader perspective for tracking vehicle movements and detecting 

violations. Singh et al. [15] introduced a high-accuracy lane line detection system using an enhanced YOLOv3 model. 

Their work aimed to improve lane detection algorithms, which are essential for both traffic management and 

autonomous driving applications. For example, OB-GYN physicians, cardiac ultrasound specialists, and AI researchers 

work together to establish advanced screening technologies that improve detection accuracy and treatment outcomes 

for fetal heart abnormalities. In collaboration with OB-GYN physicians, the Fetal Cardiac Ultrasound Screening 

Technology is being developed, and its growing importance in early diagnosis and intervention in congenital heart 

diseases has been recognized in recent research [16]. 

 

Collectively, these studies demonstrate the growing role of deep learning, particularly YOLO-based models, in 
improving traffic rule enforcement, road safety, and intelligent transportation systems. The integration of advanced AI 
techniques, UAV platforms, and ensemble learning methods has further enhanced the accuracy and efficiency of real-
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time violation detection. Future research can explore multi-modal sensor fusion, adaptive learning techniques, and 
expanded datasets to improve generalization and robustness in diverse traffic conditions. 
 

III. MATERIALS AND METHODS 

 

The proposed system aims to develop a real-time traffic rule violation detection system using the YOLOv3 deep 
learning model. This system focuses on detecting violations such as speeding, red light running, and illegal parking 
through live video feeds from roadside cameras. YOLOv3 has demonstrated high accuracy in traffic monitoring 
applications, making it suitable for real-time enforcement [1]. Existing studies have applied YOLOv3 for traffic signal 
violation detection [1] and helmet rule enforcement [2], proving its effectiveness in identifying traffic infractions. 
Additionally, hybrid approaches combining YOLOv3 with CNN have improved vehicle detection and number plate 
recognition [3]. By leveraging deep learning, the system ensures efficient, automated, and scalable detection, 
addressing limitations in conventional traffic monitoring methods [4][5]. 
 

 
 

Fig.1 Proposed Architecture 

 

The system architecture depicted in the image (Fig.1) this system detects traffic rule violations using CCTV footage 
and YOLOv3. It begins with footage input, followed by gray scaling, blurring, background subtraction, and binary 
thresholding. Moving objects are extracted, dilated, and contours are found. Objects are classified, and if a vehicle is 
detected, the system checks for rule violations. If a violation is found, the system provides output, enhancing road 
safety. 
i) Dataset Collection: 
The dataset consists of video footage captured from traffic cameras in urban, suburban, and rural areas, covering 
various weather conditions and times of the day. Additional historical data from government agencies or private 
organizations may be included. The dataset is curated to represent different traffic scenarios, ensuring diversity. Each 
video is preprocessed to improve quality, and violations such as speeding, red light running, and illegal parking are 
labeled for training. 
 

ii) Model Development and Training: 
The proposed model is based on YOLOv3, a deep learning algorithm known for real-time object detection. Pre-trained 
weights from datasets like COCO are used, followed by transfer learning to adapt the model for traffic violations. The 
model is trained using annotated images, optimizing weights with techniques like SGD or Adam, ensuring accurate 
detection of rule violations in real-time scenarios. 
 

iii) Integration and Deployment: 
The trained YOLOv3 model is integrated into a real-time surveillance system for deployment. The system includes 
video capture, preprocessing modules, inference engines, and user interfaces for violation detection. It processes live 
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video feeds, detecting and classifying violations instantly. Alerts or notifications are generated for law enforcement, 
ensuring immediate response. Integration testing ensures seamless operation, verifying functionality across all system 
components for effective real-world implementation. 
 

iv)Performance Evaluation: 
System performance is assessed using precision, recall, and F1-score to measure accuracy and effectiveness. Precision 
determines the proportion of correctly detected violations, recall evaluates detection completeness, and F1-score 
balances both. Testing under diverse weather and lighting conditions ensures robustness. Real-world scenarios are 
simulated to validate practical performance, while feedback from law enforcement and transportation authorities helps 
refine usability and overall system effectiveness. 
 

v) Optimization and Continuous Improvement: 
Continuous optimization ensures system reliability through hyperparameter tuning, retraining, and algorithmic 
refinements. User feedback, logs, and surveys guide improvements. Regular updates address security vulnerabilities 
and introduce new features. Iterative evaluation cycles enhance adaptability to changing conditions. Maintenance 
activities ensure long-term effectiveness, ensuring the system meets evolving stakeholder needs while maintaining high 
performance in traffic rule violation detection. 
 

vi)Algorithms: 
Yolo V3: YOLOv3 utilizes the Darknet53 residual network combined with the Feature Pyramid Network (FPN) 
structure for efficient object detection. It processes images through a convolutional neural network (CNN) consisting of 
an input layer, convolutional layers, pooling layers, and an output layer. The convolution layers extract detailed image 
features, while pooling layers downsample data to reduce complexity. Feature maps from different layers are combined 
to enhance detection accuracy. Different convolution kernels extract diverse feature information, improving detection 
performance. YOLOv3’s architecture allows real-time, high-accuracy object detection, making it suitable for 
applications like traffic monitoring, surveillance, and autonomous systems. 
 

IV. RESULTS & DISCUSSION 

 

 

 

Fig. 2 Output Screen-1 

 

The Fig. 2 depicts a traffic scene captured by a surveillance camera. A car and a motorcycle are visible on the street. 
The system has detected a traffic violation: "No Helmet Detected" on the motorcycle rider, who is moving at 26 km/h. 
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Fig. 3 Output Screen-2 

 

The Fig. 3 shows a street scene captured by a surveillance camera, with a car and a motorcycle. The system has 
detected a traffic violation: 'Over Speeding ALERT' on the motorcycle, indicating it is exceeding the speed limit 
 

 
 

Fig. 4 Output Screen 3 

 

The Fig. 4 depicts a motorcycle rider on a paved road, moving towards the camera. A detection box displays "13 km/hr" 
indicating the motorcycle's speed. Other vehicles are visible in the background. 
 

 
 

Fig. 5 Output Screen 4 

 

The Fig. 5 shows an aerial view of a multi-lane road with several vehicles. A detection box highlights "Over Speeding 
ALERT" on a dark blue car, indicating a traffic violation. 
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Fig. 6 Output Screen 5 

 

The Fig. 6 shows an aerial view of two cars on a road. A detection box displays "14 km/hr" indicating the speed of the 
silver car in the foreground. Road markings and a sidewalk are visible. 
 

 
 

Fig. 7 Output Screen 6 

 

The Fig. 7 shows an aerial view of a road with a yellow van and a blue car. A detection box reads "OverSpeeding 
ALERT" on the yellow van, indicating a traffic violation. 
 

V. CONCLUSION 

 

The YOLOv3-based traffic rule violation detection system demonstrates the effectiveness of deep learning in real-time 
traffic monitoring and enforcement. By leveraging YOLOv3, the system achieves high accuracy in detecting violations 
such as speeding, red light running, and illegal parking, providing immediate insights for law enforcement and 
transportation authorities. Its modular architecture ensures efficient data acquisition, processing, and output generation, 
making it scalable and adaptable to various traffic environments. The system not only enhances road safety but also 
provides valuable data-driven insights for transportation planning and policy-making. By integrating with existing 
traffic management infrastructures, it enables seamless collaboration with authorities, leading to improved enforcement 
and public awareness of traffic rules. The technological advancements showcased in this project highlight the potential 
of deep learning for large-scale surveillance applications. Future research can focus on refining model accuracy, 
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exploring alternative architectures, and integrating with emerging technologies like IoT and 5G. With its adaptability 
and global applicability, this system has the potential to revolutionize traffic management, reduce accidents, improve 
road safety, and bring economic benefits through efficient transportation systems. 
The future scope of this system includes enhancing model accuracy by exploring advanced deep learning architectures 
and reducing false positives. Integration with IoT and 5G can improve real-time processing and scalability. Expanding 
its application to smart cities, autonomous vehicles, and security surveillance can further enhance road safety. Global 
deployment and collaboration with transportation authorities can drive innovation, making traffic management more 
efficient and reducing accidents worldwide. 
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